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Experimental Setup

• Europarl corpus:
• Spanish, German, French → English

• About 8M words of parallel text

• Average sentence length 30 

• 2K development sentences

• Pre-Processing
• Standard GIZA++ word alignments and phrase extraction

• SRILM trigram language model

• ITG translation model
• Extracted phrases / scores used as ITG terminal productions

• Simplistic distortion model: 1 monotonic and 1 inverted rule

• Less than 1 BLEU point below Moses on same setup
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Final Results (Spanish)
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Final Results (German)
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Final Results (French)
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