1 References and further reading

Tutorials, talks and links

o by Jeff Bilmes (at NIPS):
http://nips.cc/Conferences/2013/Program/event .php?ID=3688

o by Andreas Krause and Stefanie Jegelka (at ICML):
http://www.cs.berkeley.edu/~stefje/submodularity_icml.html

o by Francis Bach (MLSS):
http://www.di.ens.fr/~fbach/submodular_fbach_mlss2012.pdf

e by Jan Vondrdk (Modern Aspects of Submodularity workshop, 2012):
http://researcher.watson.ibm.com/researcher/files/us—-jvondrak/submod-tutorial-1.
pdf and http://researcher.watson.ibm.com/researcher/files/us—-jvondrak/submod-tutorial-2.
pdf

o talks about various topics related to machine learning and discrete optimization: http://las.ethz.
ch/discml/videos.html

o links to workshops and tutorials: submodularity.org

o list of more submodularity papers than listed here: http://www.cs.berkeley.edu/~stefje/references.
html
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