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Depth Separafions
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Optimni Zatron
Thot fur we have dis cussed:

(D) How expressive are deop nets?

(2) Does depthy allow us 1 eXpress
funcrons more succincily”

The Second pillar of the, Course, will be
bt

@ How do we fita éQQQ net 4o datal’

The main approach will be dp Cast it as
o gians ons unwieldy oprimizadion probolem:

Given data (x,4) - (xy, 90, want fo sslve:
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Tnrudon

(D) we need Hne gradent o not-
change foo drasfrcally fompared
10 e spSiTR Y otherwise

(2) &t we tan fF a Quadrattc undes
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