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Abstract e ong-Range Motion vs. State-of-the-art ™
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Our approach:

1. Divide and conguer: compute accurate local (short-range)
tracklets and combine them into global (long-range) trajectories

2. Combinatorial problem that is solved simultaneously for all

tracklets in the sequence Frame 15 Frame 170 Frame 1 Frame 30
Q Quantitative evaluation with/without ground truth data / \ Particle Video (PV) [Sand and Teller 2006} [Sundaram et al. 2010] (LDOF) /
Graphical Model Formulation
\ ﬁracklet linkage: \
(a) Linked tracklets should encode the same scene feature with high probability
. (b) Each candidate tracklet should be linked to at most one query tracklet
N (c) Spatiotemporally neighboring tracklets should be linked with neighboring
T candidate tracklets
/
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Results
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Long-range tracks XT slice Tracklets XT sllce Long-range tracks XT slice

_ X# tracks covering each point
T r = ,
b T 4 points covered by tracks # tracks in frame t

# tracks starting at frame t

. - : . Track refresh number:
Quantitative evaluation:
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Preliminary results on action recognition:

Results on KTH [Schuldt et al. 2004]:

Motion descriptor:
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