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Observation Models

For learning clusters we use:
» Appearance pixels (3D Gaussian)
» Pixel location (3D Gaussian)

» Pixel orientation
» Modeled as Tangent space Gaussian (TG) or
Manhattan Frame (MF) [2].
» Semantic observation
» Modeled as categorical data. The assignment
to primitive is sampled.
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Fig. 4. Left: Visible primitives’ appearance and cluster assignment. Right: Cluster assignment and appearance for all
primitives. Non-visible cluster assignment based on all available attributes; appearance predicted based on cluster parameters.
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Clusters Fig. 2. L-R: View of ToyCity2, ground-truth geometry color-coded according to semantic label
A Sio (ToyCity2, City3, Cityl-1), and view of Cityl-1.
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Fig. 7: Lubbock reconstructions. L-R: [1] and SAAR (MF-4). Note the regularized flat horizontal surfaces in SAAR.
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