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Goal: to understand how image resolution affects fixation | | We use an receiver operator curves to measure fixation Consistency depends on image complexity:
locations and consistency consistency the more complex the image, the lower the consistency

Most prior work on gaze tracking focuses on high resolution images. We want to understand how
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image resolution affects fixation locations and consistency across humans. Prediction Matrix Image
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(a) Original image (b) Hou and Zhang (c) Itti and Koch We use an ROC curve to measure how well a fixation map for an image created from the fixations of several users predict the fixa- . l

tions of a different user on the same image at either the same or a different resolution.

Eye tracking experiment: we showed 168 images at 3 Prediction matrices show fixation consistency across resolutions
resolutions to 64 observers
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This graph shows consistency for different types of images based on complexity: easy, medium and difficult images to understand. Consistency is much
. . higher for “easy” images as compared to “hard” images. In addition, consistency peaks and then declines more strongly for the hard images as resolution
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This graph shows the classic formula for acuity falloff
P &’ . T where acuity is normalized to 1 in the fovea.
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. Main take-away: for some applications, working with fixations on
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Entropy = 4.98Q 4.99

ixati Humans predict - - -
Saccade length and number of fixations decreases at Eiie ool ot P it images of mid-level resolutions (16-64px) could be perceptually
i e e each other better - -
lower resolution 7 A adequate and computationally attractive.
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